Airline data in R

> ts.plot(ts(B))

> c<-Log(ts(B))

> diff1<-diff(c,1)

> diff112<-diff(diff1,12)

> plot(diff112)

> acf(diff112)

> pacf(diff112)

> par(mfrow=c(2,1))

> acf(diff112)

> pacf(diff112)

> a<-arima(c,order=c(0,1,1),seasonal=list(order=c(0,1,1),period=12),method="ML")

> a

Series: c 

ARIMA(0,1,1)(0,1,1)[12] model

Coefficients:

          ma1     sma1

      -0.3484  -0.5622

s.e.   0.0943   0.0774

sigma^2 estimated as 0.001313:  log likelihood = 223.63,  aic = -441.26

> forecast(a,h=20)

Time Series:

Start = 133 

End = 152 

Frequency = 1 

    Point Forecast    Lo 80    Hi 80    Lo 95    Hi 95

133       6.038649 5.992219 6.085080 5.967640 6.109658

134       5.988762 5.933345 6.044178 5.904009 6.073514

135       6.145428 6.082291 6.208565 6.048868 6.241987

136       6.118993 6.048982 6.189004 6.011921 6.226065

137       6.159657 6.083390 6.235925 6.043016 6.276298

138       6.304670 6.222621 6.386718 6.179187 6.430152

139       6.433296 6.345848 6.520744 6.299555 6.567037

140       6.445969 6.353436 6.538503 6.304452 6.587487

141       6.266723 6.169369 6.364076 6.117834 6.415612

142       6.136196 6.034250 6.238142 5.980284 6.292108

Use Method ML for SAS in order to get the same results

	Moving Average Factors

	Factor 1: 
	1 - 0.34854 B**(1)

	Factor 2: 
	1 - 0.56221 B**(12)


